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TABLE 3.16

Change in Private-Sector Employer-Provided
Pension Coverage, 1979-93

Pension Coverage (%)

Change

Group* 1979 1988 1993 1979-93
All Workers 48% 44% 45% -3
Gender

Men 55% 48% 47% -8

Women 37 39 42 5
Race

White 50% 47% 47% -3

Black 45 39 42 -3

Hispanic 35 28 29 -6
Education '

Less Than High School 41% 31% 25% -16

High School 49 44 44 -5

Some College 49 44 46 -3

College 56 54 55 -1

More Than College 60 58 59 -1
Wage Fifth

Lowest 18% 14% 13% -5

Second . 35 33 34 -1

Middle 51 45 51 0

Fourth 68 59 61 -7

Top 76 69 72 -4

* Private-sector wage and salary workers age 18-24, with at least 20 weekly hours and 26 weeks of work.
Source: Departrment of Labor tabulations of CPS data.

college graduates and those with less than a college degree; it dropped off most
among those at the lowest education levels. The pattern of decline in pension cov-
erage by wage level shows coverage dropping most for the lowest and highest wage
groups and some stability among the second and middle fifths. Perhaps most im-
portant, lower-wage workers are unlikely to have jobs with employer-provided
pension plans, a situation in which more than half the workforce finds itself.
The decline in the quality of pension plans is portrayed in Figure 3G. De-
fined benefit plans guarantee a worker a fixed payment in retirement based on
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pre-retirement wages and years of service and are generally considered the best
plans from a worker’s perspective. Unfortunately, there has been a significant
erosion in the share of the workforce covered by defined benefit plans. A larger
share of workers are now covered by defined contribution plans, in which em-
ployers make contributions (to which employees sometimes can add) each year.
With this type of plan, a worker’s retirement income depends on his or her suc-
cess in investing these funds, and investment risks are borne by the employee
rather than the employer.

Dimensions of Inequality

In this section we shift the discussion from a presentation of wage and ben-
efit trends overall, and for subgroups, to an examination of explanations for
the pattern of recent wage growth. The items to be explained include stag-
nant average wages since 1973 and the dramatic growth in wage irequality in
the 1980s and early 1990s. More specifically, it is important to understand
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both the average performance of wage growth and why particular groups fared
well or poorly.

The data presented above have shown the stagnation of wages and overall |

compensation over the last 20 years. Table 3.17 presents indicators of the
variety of dimensions (excluding race and gender differentials) of the wage
structure that have grown more unequal over the last 20 years. Any explana-
tion of growing wage inequality must be able to explain the movement of these
indicators. These inequality indicators are computed from our analysis of the
Current Population Survey (CPS) Outgoing Rotation Group (ORG) data se-
ries. Whenever the trends being discussed are different in the other major data
series (the March CPS), the difference will be noted in the discussion.

The top panel shows the trends in the 90/10 wage differential and its two
components, the 90/50 and 50/10 wage differential (which are also shown in
Figures 3H and 3I), over the 1973-95 period. These differentials reflect the
growth in overall wage inequality that we are attempting to explam. The 90/10
wage gap, for instance, shows the degree to which the 90th-percentile worker—
a “high-wage” worker who makes more than 90% but less than 10% of the
workforce—fared better than the low-wage worker at the 10th percentile. The
growth in the 90/10 differential is frequently broken down into two components:
the 90/50 wage gap shows how high earners fared relative to middle eamers,
and the 50/10 wage gap shows how middle earners fared relative to low eamers.

Among men, there was a dramatic growth in wage inequality at the top and
bottom in the 1979-89 period, which has continued, in terms of the 90/50 differ-
ential, as quickly through the 1989-95 period (Figure 3H). The character of this
growing male wage inequality shifted in the most recent period. In the 1980s
there was a growing separation between both the top and the middle and the
middle and the bottom (seen in the 50/10 differential). However, in the 1989-95
period all of the growing wage inequality was generated by a divergence be-
tween the top and everyone else: the 9(0/50 differential grew but the 50/10 dif-
ferential did not.

Among women, the wage inequality trends across time periods are sensi-
tive to the “endpoints,” or years selected for the analysis. The data on the 90/

10 differential for women in Table 3.17 suggests a large decline in women’s -
wage inequality in the 1970s and a larger growth in the 1980s. However, the -
year-by-year pattern, shown in Figure 31, shows a large dip in wage inequal- .

ity between 1978 and 1979 and an equal rise between 1979 and 1980. This
“jumnpiness” in the data reflects the movement of the 10th-percentile wage, which
grew a lot in 1979 but then fell back to its 1978 level in 1980. A better descri
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Dimensions of Wage Inequality, 1973-95

Wage Differential Change

. Differential 1973 1979 1989 1995  1973-79 1979-89 1989-95

Total Wage

Inequality

90710 ;

- Men 128% 130% 144% 151% 2 14
Women 116 100 135 138 -16 35 3

90/50 ;

"~ Men 60% 59% 69% 76% -1 10

- Women 59 61 71 77 2 10 6

S5/10 o
Men 68% 71% 75% 75% 3 4

Women 57 39 64 61 -18 26 -3
Between-Group

Inequality

College/H.S.*

Meng 325% 273% 41.8% 44.1% 52 14.5 23

© Women 43.0 30.8 46.0 51.8 -12.2 15.2 5.8
Middle/Young **

- Men 95.8% 252% 29.1% 295% 0.6 39 04

. Women 11.8 12.2 19.7 22.5 0.4 7.4 2.8
Old/Middie **

" Men 4.2% 69% 106% 103% 2.6 338 -0.3
Women -3.5 -1.6 1.8 3.7 20 34 1.9

".‘,Within-Group
tnequality
Men ‘

T 90/50 404% 41.1% 429% 46.1% 0.7 18 32
50/10 39.1 42.3 46.9 40.8 32 4.6 -6.1
Women .

90/50 38.6% 459% 455% 41.7% 7.3 -0.4 22
50/10 36.2 28.7 44.0 40.7 -7.5 15.3 -3.3

*  Estimated log differential between college-only 2nd high school graduates, controlling for experience,

: snarftal status, race, and four regions. o ]
‘= Cctimated log differential where experience specified as a quartic with contro]s for education Ieve!s:
| parital status, race, and four regions Young, middfe. and old refiect workers with 5. 15,and 30 years

experience.

“Soupce: Authars’ analysis.
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Men’s Wage Inequality, 1973-95
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Women’s Wage Inequality, 1973-95
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txon of the trends in women’s wage inequality might be that wage inequality fell
Between 1973 and the late 1970s (1978-80) and then rose in the 1980s. Among
women, the growth of the 90/50 differential was as strong as among men in both
the 1980s and 1990s. There was, however, a stronger growth of ineguality at the
bottom (reflected in the 50/10 differential) among women in the 1980s and an
-actual decline in the 1990s.
: Analysts have tended to “decompose,” or break down, growing wage in-
" equality into two types of inequality—“between-group” and “within-group.”
- The former is {llustrated in Table 3.17 in two ways: the growing wage differen-
tials between groups of workers defined by their education levels and by their
- labor-market experience or age. The “college wage premium”—the wage gap
" between college and high school graduates—fell in the 1970s among both men
. and women but exploded in the 1980s. The growth of the college wage premium
in the post-1989 period has differed between men and women. Among men there
* has been only modest growth in this education premium since 1989, which year-
by-year trends (discussed below) show to be flat between 1990 and 1995.
~ Among women, however, there has been a relatively steady growth of the college
wage premium in the post-1989 period equivalent to that of the 1980s.

The growth of experience differentials, reflecting the wage gap between older
and middle-age and younger workers, runs parallel to that of education differ-
entials, although the changes are smaller. The wage gap between middle-age and
. younger workers grew in the 1980s and continued to grow after 1989 among
- women. Likewise, the wage gap between older and middle-age workers grew
~ over the entire 1973-89 period and continued into the recent period among
wornen.

Within-group wage inequality—wage dispersion among workers with com-
parable education and experience—has been a major dimension of growing wage
inequality. The growth of within-group wage inequality, according to Table 3.17,
has differed across time periods, the segment of the wage structure (the top ver-
sus the bottom), and gender. For instance, the growth of within-group wage in-
equality among men in the upper half of the wage structure (the 90/50 gap) has
been growing over the entire 1973-95 period, but at an accelerated pace in the
1980s and again in the 1990s. In contrast, within-group wage inequality at the
bottom among men grew similarly in the 1970s and the 1980s and then declined
in the 1990s.

Within-group inequality grew the most at the bottom of the female wage struc-
Aure in the 1980s, up 15.3 percentage points, but fell in both the 1970s and 1990s.

g higher-wage women the growth of within-group wage inequality was
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not a factor in the 1980s but has emerged as one in the 1990s.

Since growing or shrinking within-group wage inequality has been 2 signifi-
cant factor in various periods, particularly the 1989-95 period, it is important to
be able to explain and interpret these trends. Unfortunately, the interpretation of
growing wage inequality among workers with similar “human capital” has not
been the subject of much research. Some analysts suggest it reflects growing
premiums for skills of workers that are not captured by traditional human-capi-
tal measures available in government surveys. Others suggest that changing
“wage norms,” employer practices, and institutions are responsible. We turn to
these trends next.

What Explains Wage Trends?

The most commonly mentioned reason for recent wage problems is slow pro-
ductivity growth (i.e., changes in output per hour worked) since 1973. As the
data in Table 3.1 showed, productivity has been growing 1.0% annually over the
entire 1973-95 period. This is a slower growth in productivity than occurred in
the pre-1973 period, a time that was labeled “the productivity slowdown.”

Slow productivity growth has been a major problem, but it provides only
a partial explanation for average wage trends, since productivity has grown more
than wages or compensation.

The relationship between hourly productivity and compensation growth
is portrayed in Figure 3], which shows the growth of each relative to 1973 (i.e.,
each is indexed so that 1973=100). As Figure 3] shows, therc has been a 25%
growth in productivity since 1973, enough to generate broadly shared growth in
living standards and wages. Also, there is a gap between the growth of average
compensation and productivity as well as between both median hourly compen-
sation (for either men or all workers} and average compensation. The latter gap,
between average and median compensation, is the larger gap and reflects grow-
ing wage inequality. Thus, the most important reason why median compensa-
tion (or wages) lags behind productivity is that growing inequality creates a
“wedge” that prevents the typical worker from enjoying the “average” growth
of national cutput or income. .

There is much contention over the interpretation of the gap between average
compensation and productivity. One explanation is that prices for national out-
put have grown more slowly than prices for consumer purchases, Therefore, the
same growth in nominal, or current-dollar, wages and output yields faster growth
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in real (inflation-adjusted) output (which is adjusted for changes in the prices of
investment goods, exports, and consumer purchases) than in real wages (adjusted
for changes in consumer purchases only). That is, workers have suffered a wors-
ening “terms of trade,” in which the prices of things they buy (i.e., consumer
goods) have risen faster than the items they produce (consumer goods but also
capital goods).

This “terms of trade” explanation is actually more of a description than an
explanation. A growing gap between output and consumer prices has not been a
persistent characteristic of our economy, and the emergence of this gap requires
an exploration of what economic forces are driving it. Once the causes of the
price gap are known (not simply “accounted for”), it can be interpreted. In the
meantime, there are two ways to look at the divergence of compensation and
productivity created by the “terms of trade” shift of prices. One is to note that,
regardless of cause, the implication is that the “average” worker is not benefit-

" ing fully from productivity growth. Another is to note that the price divergence

does not reflect a redistribution from labor to capital, that is, the gap between
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Technolo s |
mpac
. gy P t proxy for technological change) for decades, nor has there been any greater
Technological change can affect th growth in Iabor productivity in recent years. However, the technology explana-
. " . y plana

workers and by increasing dcmandcf(‘:rraf;:fsucg;\i b{hdlsplac{ng sorme t ypes of tion assumes that there was a large technology-led transformation of the work-

i : - en nfaiee"“:]gly rapid diffu- place that substantially decreased the need for “unskilled” workers and thereby
> hany analysts have con- led to a large shift in wage differentials. It is implausible that there has been a

) ) ajor factor in the
nequality. Unfortunately, because it js difficult to meas:f;:i:; ::;:eiisefm \;’age technology shock that has transformed workplaces but has not boosted produc-
logical change and its overall ch nit ol techno- tivity growth
. o growth.
up-skilling and by how much), ‘i:t ::sr ?il?tﬂ?i::é;:}tl:t::gnz , tienerally de-skilling or Second, the experience since the mid- to late 1980s does not accord with a
change on recent wage trends. More than a few an:a.fly stse f_OI: of teChnoh.)gical technology explanation, whose imagery is of computer-driven technology bid-
assumed that whatever portion of wage inequal YSES, In fact, have simply ding up the wages of “more-skilled” and “more-educated” workers, leaving be-
ered to be the consequence of technologlc:.lq ch:lr?g::s 'l;I'l]s: It))lfm: f)? Ca:Ibe_COHSid- fund a small group of “unskilled” workers with inadequate skills. The facts are
pe ol analysis, how- hard to reconcile with the notion that technological change grew as fast or faster

ever, only puts a name to our ignorance.
Iti .

factorxes eaIS).r t.o understand why people might consider technology to be a major

Icxp amm,-g Tecent wage and employment trends. We are often told that the

pace of change in the workplace is accelerating, and there is a widespread vis-

in the 1990s than in earlier periods. If technology were adverse for “unskilled”
or “less-educated” workers, then we would expect a continued expansion of the
wage differential between middle-wage and Iow-wage workers (the 50/10 dif-
and microelectrog ) ferential). Yet, the 50/10 differential has been stable or declining among both

mics provide a men and women since 1986 or 1987. Instead, we are seeing the top eamers puli-
ing away from nearly all other eamers. Therefore, there seem to be factors driv-
ing a wedge between the top 10% and everyone else, rather than a single factor
aiding the vast majority but leaving a small group of unskilled workers behind.
Further confirmation of the breadth of those left behind is that wages have been
stable or in decline for the bottom 80% of men and the bottom 70% of women
over the 1989-95 period, with wages falling for the entire non-college-educated

“skilled” workers. This pattern of . workforce (roughly 75% of the workforce). Of course, even high-wage, white-
y change suggests an mnerease m “skill-biased collar, or college-graduate men have failed to see real wage growth in 10 years.

technological change” driving larpe chan . .
Because wages have riscf thegmost ffcs within industries. The flattening of the growth of education differentials in the late 1980s and
1990s among men also does not easily fit a technology story. Since the wages of
college-graduate men are not being “bid up” relative to others at the same pace
as in the early and mid-1980s, one can only conclude that there has been a de-
celeration of the relative demand for education (given that the supply of college
workers did not accelerate). This would not be the case if technology was being
introduced into workplaces at the same or a faster pace in the late 1980s or in
the 1990s. Morcover, the late 1980s to mid-1990s period has been one of con-
tinued growth of wage inequality as the top pulls away from the middle and
bottom; since this growing gap is not being driven by wider education differen-
tials (the primary mechanism by which technology leads to greater wage inequal-
ity), it is hard to believe that technology is playing a major role. As shown ear-
lier, only a small portion of the growth of wage inequality in the 1990s can be

ibility of automation and robotics; computers
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attributed to a change in the “returns to skill.”

Third, there is no evidence that the growth of wage inequality over the en-
tire 1973-95 period has been primarily driven by changes in the economic re-
turn to education or experience, the most easily measured dimensions of skill.
Rather, wage inequality has been largely driven by the growth of within-group
wage inequality—the growing gap among workers with similar education and
experience. The growth of within-group inequality may be related to technologi-
cal change if it is interpreted as a reflection of growing economic retums to worker
skills that are not easily measured (motivation, aptitudes for math, etc). How-
ever, there are no signs that the growth of within-group wage inequality has been
fastest in those industries where the use of technology grew the most (as dis-
cussed below). It is also unclear why the economic returns for measurable skills
{e.g., education) and unmeasured skills {e.g., motivation) should not grow in

tandem. In fact, between-group and within-group inequality have not moved

together in the various subperiods since 1973.

Finally, the notion that technology has been “bidding up” the wages of the
“skilled” relative to the “unskilled” does not accord with the basic facts presented
catlier. Or, it holds true in a “relative” but not an “absolute” sense. The wages of
skilled men, defined as white-collar, college-educated, or 90th-percentile work-
ers, have been flat or declining since the mid-1980s. As described in Chapter 4,
white-collar men have increasingly become displaced and beset by employment
problems. High-wage women have continued to see their wages grow, but it does
not seem likely that technology is primarily affecting skilled women but not
skilled men,

The rhetoric in the discossion of technology’s role in growing wage inequality
presumes that we have entered a new era of technological change, signified by
the computer revolution. In this scenario, either the rate of introduction of new
technologies or the types of technologies being introduced is creating a new situ-
ation in today’s workplace, along with an enhanced demand for cognitive skills.
Some analysts have explicitly talked in terms of a “technology shock” This
widely expressed view assumes an acceleration of technology’s impact on rela-
tive demand, suggesting that one test of the technology hypothesis is whether
technology had a greater impact on skill demand in the 1980s or 1990s than in
the 1970s or earlier periods.

That a technology explanation requires an acceleration of technology’s im-
pact on workplace skills is implicit in the conventional demand-and-supply frame-
work used to explain wage differentials. As discussed earlier, most analysts have
concluded that the growth of wage inequality since 1979 must be primarily ex-

2ié

plained by demand-side factors (or non-supply-side factors, including institl.l-
! tional shifts) rather than supply-side factors (i.e., fewer college graduates). 'I_‘hls
s why there has been such a focus on trade, industry shifts, and tcchnologlcgl
. change, all factors that could explain shifts in “relative demand.” However, it

would not make sense to be seeking the source of relative-demand shifts in the

~1980s and 1990s if demand trends were essentiatly the same over the last few

decades. Similarly, demand-side shifts seem relevant to explaining a wage in-

~ equality originating in the 1980s only if there were something new and different

about recent demand trends. In fact, if the relative demand for skill grew at the

 same pace over the last three decades—at a smooth, secular, or historic rate—

then the only factors that could be different in the 1980s and explai.n growing
wage inequality are those affecting the supply of “skills,” a ?ontext \'vxth 10 pos-
sible special role for trade, technology, or other factors shaping relative demand.

Commonly accepted evaluations of wage trends also suggest that there was
a demand-side acceleration in the 1980s. One can potentially find a demand-

 side acceleration through an examination of either between-group or wi&in—group
. wage-inequality trends. That is, one can find demand-side acceleration in the

“relative demand for education™ or the demand for skills as reflected in within-
group wage inequality. Table 3.48 presents the possible combinations of‘ tren‘ds’:
with an evaluation of each demand trend as either “accelerated” or “?Istonc_,

the latter meaning a smooth, constant, or secular growth. The point _1s that in
three of the four scenatios there is an implicit acceptance of demand-side accel-

- eration. In the remaining scenario, number four, the demands for skill or educa-

tion grew at the “historic” rate, leaving supply-side factors as the force driving
wage inequality. Thus, technology, a demand-side factc_)r, can only be a cause of
growing wage inequality if one of the first three scenarios holds- and technology
is the source of the acceleration. Again, a technology explanation makes sense
only if there is a greater growth in the demand for skills in the 192.303 and 1990s
than in earlier periods and if these demand-side changes can be attnblfted to tech-
nological change. This motivates our efforts to test for an accel.eraUOn of tech-
nology’s impact on the use of “more-educated” and “higher—pald”‘ workers.

It is also useful to distinguish between the role of technology in the growth
of wage inequality and the issue of “skill complementarity,” the concept that there

" is a positive relationship between capital (e.g., computers) and worker skill. The

existence of skill complementarity is one of the main explanations of the grow-
ing need for workers with more education and skills—as investment or capital
per worker has grown, the need for more skilis has grown comm-cnsurately. Tlfc
explanation of growing wage inequality, on the other hand, requires an analysis
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' TABLE 3.48 )

Possible Empirical Scenarios and Demand Acceleration

Growth in 19805 Relative to 1970s

WasThere
Relative Demand  Within-Group Demand Side
Scenario for Education Wage Inequality  Acceleration?
1. Acceierated Accelerated Yes
2. Normal Accelerated Yes
3 Accelerated Normal Yes
4, Normal Normal No

Sources Mishel and Bernstein (1996).

that separates out the growth of the relative supply and demand for education/
skill. To show that relative demand for skill is accelerating (as is NEeCcessary, as
argued above), it is not enough to simply cite the existence of skill comple-
mentarities, since such complementarities have long been associated with the
need for greater skills and education. That is, technological change has been a
force for increasing employers’ demand for “more-skilled” and “more-educated”
workers for a long time. The issue regarding wage inequality is whether techno-
logical change has increased “demand for skill” faster than the “supply of skill”
has been growing.

We do not question that technological change and capital accumulation have
been historically associated with the need for greater skills and education. Tech-
nology and investment have been major forces driving the long-term growth of
demands for skiil.

But, is there reason to believe that technology’s impact accelerated in the
1980s or 1990s? Technological change is inherently difficult to quantify. The
approach taken here is to examine the “impact of technological change,” 2 con-
cept with two components. The first is a set of “technology indicators.” such as
equipment accumulation and R&D, that are closely cormrelated with or accom-
pany the introduction of new technology in the workplace. The second compo-
nent is the relationship, or “complementarity,” between technology and the need
for more skill or education. Technology will have a greater impact the faster the
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| introdiiction of new technologies, proxied by “technology indicators,” and the
" more that skills are required by the new technologies, as reflected in estimated

“complementarities.”
Table 3.49 presents some indicators of technological change. Two measures

- of productivity growth are presented, since technology is considered to be a major
- factor behind productivity growth. Neither the measure of labor productivity
" {changes in output per hour worked) nor that for multifactor productivity (the

growth in output after netting out the contribution of more hours, more capital,
and a higher-quality workforce) grew faster in the 1980s or 1990s than in the

1970s.
Capital accumnlation, or increased investment per worker, is often consid-

ered to be the main mechanism through which technology is brought into the

 workplace—as employers upgrade their equipment or build new facilities, they
frequently incorporate technological advances and new work systems. Yet the

growth of equipment per worker was actually slower in the 1980s than in the

: TABLE 3.49 .

Technology Indicators, [973-94

Annual Growth
1973-79  1979-89  1989-94

R&D

Total R&D Capital Stock/Worker -0.01% 0.85% na
Share of Scientists/Engineers* 0.64 0.44 0.81%
Investment**

Equipment per Worker 3.57% 2.53% 0.48%
Computer Equipment per Worker 24.05 25.71 12.06
Productivity***

Labor 1.0% 1.0% 1.1%
Multifactor 03 0.0 0.1

* In private sector. Annualized percentage-point change.
** Per private-sector FTE
*#* Private nonfarm business sectorThe last period is 1989-93.

Source: Mishel and Bernstein (1996).
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1970s, suggesting a possible deceleration of technological change. Equipment |

ta;u:umulal;icm slowed l.'lea.ﬂy to a halt (0.48% per year) in the 1990s. However.
ine;ccv;:;ss;z; a;ﬁfl:r:lt:‘)vnd:::;n:est:hnet;; g;r worker in computerized equipmen;
: in the s. If computerized equi
greater effect on the employment structure than othfr types ofegqutllli,;e:;th(?se.a
stronger compl_ementarities), then a shift in the composition of equipment ‘to’
ward computerization could potentially have created a technology shock in thc-
1980s. Whether investment trends have Ied to an accelerated technology i
depends, therefore, on whether computerized equipment had a largerim achxac t
other types of equipment investment in the 1980s or 1990s. ’ N
Last, aggregate rescarch and development (R&D) activity grew faster in th
19803_ than in the 1970s in one measure (R&D capital stock per wotker) 'I‘hc
trend in the growth in the share of scientists and engineers in total emplo : € ‘:
s!ov.vcd in the 1980s but accelerated in the 1990s. Thus, R&D trends ]?key:: .
f?r mvestment, present a mix of evidence, some pointing to a possibl’e accel:r:.e
tion and some to deceleration. Whether technological change had a greate im-
gla:t zn theddemand for skills in the 1980s and 1990s relative to theglr;'IOsrwil;
s . o .
s ;1:::; pl:::;::y on whether there was 2 shift in “complementarities.” the
Table 3.50 presents quantitative estimates of the impact of technological
change on the rate at which there were within-industry shifts toward the ufc f
fnore-e_ducated workers (i.e., the effect of technology on relative demand with?
md‘usmes). These estimates combine the effect of changes in both compon. nt:
of “technology’s impact”—changes in the rate of introduction of new tﬂcohzol
ogy and changes in the relationship of new technology to skill requirenrents. Th .
study fro'm which these data are drawn determined that computerized equi r-nen:
h‘afi no dlffer.ent effect than other types of equipment. Thus, a changing cI(I:m -
sxtu?n of capital investment (proportionately more computers but less of otlljlz
eqmpme.:nt) did not create a 1980s or 1990s technology shock. The study, th i
for:c, estimated the effect of R&D activity and equipment aocumulaﬁon)zn ee;z:
cauona.] upgrading in each perjod, allowing the per-dollar impact (the comple
ment.zmty) to vary in each decade. The estimated “impact of technology” reﬂgct;
new investment, R&D innovations, and any associated technical, work organi
zatlo.n, or work-process changes. Estimates are also presented t};at a]]o:ri .
possible -impact of the shift toward more computerized equipment e
Spef:lﬁcally, Table 3.50 presents the estimated impact of techn.c.‘logy on the
E;owltl; ;1; _thc shares of workers with parti.cular levels of education in three peri-
s, 1973-79, 1979-89, and 1989-94. Estimates are also presented in the differ-

ences in technology’s impact across time periods. The critical issue to be ad-

dressed is whether technology’s impact was greater in the 1980s or 1990s than

in the 1970s.

The data in Table 3.50 suggest that technology did not have a greater impact

in more recent years. This can be seen in the results for the share of workers

with a high school degree in the first column. Technology’s impact has been to

reduce the share of male workers with a high school degree in each time period,

but more strongly so in the 1970s than in the later periods. Over the 10 years

from 1979 to 1989, technology led to a 1.21-percentage-point (.121 per year)
shrinkage in the share of high school workers employed within industries. This
technology impact was significantly lower than that found for the 1973-79 pe-
riod (2 0.378-percentage-point shrinkage per year). Technology’s impact on male
high school graduates not only did not accelerate in the 1980s, but actually de-
celerated. Comparable results are seen for the impact of technology on the use
of male college graduates: technology is associated with increased male “col-
lege or more” employment in each period, but more so in the 1970s than in later
periods. For men, there is no evidence of an “acceleration” of technology’s im-
pact and some evidence for deceleration.

There is some support for an acceleration of technological change among
women. Technology’s impact on the employment of high school graduates was
negative in the 1980s and 1990s but positive in the 1970s. Similarly, the impact
on the use of women with a “college degree or more” grew in each perod. Nev-
ertheless, the shift in technology’s impact between the 1970s and later periods
generally does not pass a statistical test for significance (see the last two pan-
els). Moreover, the size of the acceleration was small at best. In the case of high
school “equivalents,” for instance, the acceleration between the 1970s and 1980s
implies a demand shift away from them, amounting to about half of a percent-
age point less over a 10-year period.

These estimates of technology’s impact address the issue of the acceleration
of demand for education and thus relate to the growth of education wage differ-
entials. As previously discussed, however, changes in education differentials can
account for just a third of the growth of overall wage inequality, the other por-

tion being the growth of within-group inequality. The results in Table 3.51 re-
late to the broadest measure of technology’s impact—its effect on the use of
workers with high, middle, or low wages (divided into five different categories).
These estimates incorporate the impact of technology on both education differ-
entials and within-group inequality.
The results for men run counter to the notion that technology was more ad-
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Technology Impact on Annual Change in Wage Quantities

1973-94
Technology Impact*
Men
Women
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TABLE 3.51 cont)

Technology Impact on Annual Change in Wage Quantities,

1973-94
Technology Impact*
Men Women

Dependent Without With Without With
Variable Computers Computers Computers Computers
Very High Wage

1. 1973-79 0.300** 0.312*%* 0.330** 0.319

2. 1979-89 0.140** -0.001 0.170** -0.412

3. 1989-94 0.011 0.171 0.007 -0.206

4. 80s Less 70s -0.160%** -0.313 -0.159 -0.730%**
5. 90s Less 80s -0.289%* -0.484%* -0.323%* -0.525

6. 90s Less 80s -0.120%* -0.171 -0.164 206

*  The impact of technology indicators on the annual rate-of growth of education upgrading within
industries. Technology represented by the impact of R&D and exquipment accumulation per worker
in all estimates. Computer accumulation added for the second specification.

** Significantly different from zero at 5% level of confidence.

#¥ Sionificantly different from zero at 10% level of confidence.

Source: Mishel and Bernstein (1996).

Among women, technology shifted against the highest wage groups (the
“high” and “very-high” groups) and the low-wage group but favored the em-
ployment of middle-wage women. The “strengthening of the middle” phenom-
enon among women again contradicts the story that technology has been help-
ing the “skilled” relative to the “unskilled,” unless one’s view of the “unskilled”
includes only the lowest-wage women (about 20% of the total).

These estimates of technology’s impact on the use of more-educated or
higher-wage workers do not support a technology explanation for growing wage
inequality. The primary mechanism by which technology is thought to affect wage
inequality is increasing the demand for “more-educated” workers (i.e., college

graduates) and thereby bidding up their wages as demand exceeds supply. Our
estimates, however, suggest there was no technology-led acceleration of demand
for educated workers (or a quantitatively trivial acceleration in the case of women)



in the 1980s or 1990s that could have led 1o increased education wage differen-
tials. Further, when looking at the increased use of high-wage workers (presum-
ably “high-skilled”), we find that technology was less favorable to the increased
utilization of high-wage men or women after 1979. Among women, technology
may have played a role in creating wage inequality at the bottom, since technol-
ogy had an adverse impact on very low-wage women. However, technology was
a force for compressing rather than expanding the wage gap between the top
and the middle among women. Among men, technology’s impact was equaliz-
ing at both the top and the bottom of the distribution after 1979 and, therefore,
technological change is not a plausible explanation for the widening of the male
wage structure.

Executive Pay Soars

Another cause of greater wage inequality has been the enormous pay increases
received by top executives and the spillover effects of these increases. These large
pay raises go far beyond those received by other white-collar workers.

The 1980s and 1990s have been prosperous times for top U.S. executives. In
stark contrast to the declining real wages of typical workers, the total pay (sala-
ries, bonuses, and benefits) of the chief executive officers (CEOs) of major U.S.
companies grew 5.7% annually from 1978 to 1989, a total growth of 83.2%
(Table 3.52).

In the 1989-95 period, CEO total pay grew 5.4% annually. CEO salaries were
stable: the pay raises were the result of large increases in bonuses, stock options,
and other forms of compensation. Between 1978 and 1995, the total pay of the
average CEO at a major U.S. company grew 152%, from $1,736,000 to
$4,367,000 (in 1995 dollars).

The increased divergence between the growth of CEO pay and an average
worker’s pay is captured in the growth of the ratio of CEO to worker pay, shown
in Table 3.52. In 1978, U.S. CEOs in major companies earned 60.2 times more
than an average worker; this ratio grew to 172.5 by 1995. This contrasts even
more sharply with the 39.5 ratio prevailing in 1965 (See Figure 3R).

U.S. executives are not only paid far better than U.S. workers, they also earn
substantially more than CEOs in other advanced countries. Table 3.53 presents
an index of CEO pay, with U.S. compensation set to 100 (any index value less
than 100 implies that that country’s CEOs earn less than U.S. CEOs). The index
shows that U.S. CEOs earn double the average of the 13 other advanced coun-
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Growth of CEQ Pay in Major U.S. Companies, 1965-95

(1995 Dollars)
Ratio of CEO
R0 Pay to Worker Pay
Total* Salary
Year ($000) {$000) Total Salary
3971 $615 395 27.8
iggg 1,209 558 48.3 24.8
1973 1,269 655 44.8 26.9
1978 1,736 695 60.2 291
1989 3,180 998 122.0 46.7
1995 4,367 991 172.5 48.2
Annual Growth
1965-73 3.4% 0.3%
1973-78 6.5 1.2
1978-89 57 33
1989-95 5.4 -0.1

* Includes salaries, bonuses, value of restricted stock, stock options at time of grant, plus other long-
term payouts,
Source: Woll Street fournal and Peart Meyer & Partners Inc.

Ratio of CEO to Average Worker Pay, 1965-95
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1965 1968 1973 1978 1989 1995

Source: Pearl Meyer & Partners Inc. (1996).
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